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Abstract: Moving OSN services toward geographically distributed clouds must reconcile the requirements 
from numerous facets. OSN services frequently possess a large member list additionally to scale to satisfy 
demands of users worldwide, reassigned clouds that offer Infrastructure-as-a-Service can match this need 
seamlessly and supply tremendous resource and price efficiency advantages. Existing focus on OSN 
service provisioning either pursues least cost in one site with no QoS concern such as the geo-distribution 
situation. During this paper, we come across the problem of optimizing the financial cost inside the 
dynamic, multicolor-based OSN while making certain its QoS and understanding availability. Social 
locality has multifold advantages: Given you'll find frequently a lot more reads than writes inside the 
OSN service, it could thus save just about all within the interclub traffic this incurs a significantly lower 
storage consumption than full replication since the whole replication requires every cloud to keep an 
information replica for each user. The OSN provider must be enabled to determine if you need to 
optimize the price for every billing period, based on her financial budget and expected profit, etc. When 
multiple role-swaps for each user can be found, we have to pick the one(s) meeting QoS needs. We 
investigate what sort of costs possess the data availability requirement when using the QoS requirement. 
We ensure social locality for people approach to fair comparison. The greedy method places every user's 
master on her behalf account first most preferred cloud. We advise as our formula. By extensive 
evaluations with large-scale Twitter data, is verified to incur substantial cost reductions over existing, 
condition-of-the-art approaches. 
Keywords: Online Social Network; Optimization Models And Methods; Performance Analysis And 
Evaluation; Cloud Environment 
I. INTRODUCTION 
In this paper, we have seen the issue of cost 
optimization for that dynamic OSN on multiple 
geo-distributed clouds over consecutive times 
while meeting predefined QoS and understanding 
availability needs. Compared to existing 
approaches, reduces cost significantly and finds a 
substantially good solution inside the cost 
optimization problem, while guaranteeing all needs 
are satisfied. An OSN provider specifies the data 
availability requirement by indicating the minimum 
quantity of every user's slave replicas [1] [2]. We 
introduce the following notations so that you can 
formulate the problem. and they're binary decision 
variables. The final equals one if inside the optimal 
placement user’s master replica depends upon 
cloud, and otherwise. We advise an optimization 
formula that iteratively swaps the roles of master 
and slave replicas on several clouds to own perfect 
placement. Our formula follows a greedy approach 
in utilizing role-swaps and requiring that every 
applied role-swap reduce cost. The higher cost 
reduction each role-swap has combined with the 
more role-swaps are applied, the higher total cost 
reduction we are in a position to achieve [3]. 
Whether only one role-swap or simply a dual role-
swap, three fundamental but nontrivial operations 
of are important: exercising whether it's achievable, 
calculating your buck reduction, and swapping the 
roles of involved replicas. Realize that applying 
one role-swap can adjust the current QoS, 
combined with the functionality over the following 
role-swap is extremely suggested while using the 
new QoS. 
 
Fig.1.System architecture 
II. IMPLEMENTATION 
Our QoS model links the QoS with OSN users' data 
locations among clouds. According to these 
models, then we formulate the price optimization 
problem that views QoS and knowledge 
availability needs. This issue is NP-hard. In 
comparison, the amount of the write operations 
done by a person on all replicas of hers and her 
buddies depends upon the amount and also the 
keeping the replicas. Within the new placement, 
whenever a slave must be produced on the cloud 
for social locality, we determine if it didn't exist 
around the cloud within the existing placement [4]. 
Each user only has one master replica and many 
slave replicas of her data, where each replica is 
located in a different cloud. When calculating the 
expense, we think that all clouds have a similar 
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billing prices. The truth is resource use of clouds 
from various providers or at different locations 
might be billed at different prices. Individuals OSN 
service over multiple clouds, we start with 
identifying the kinds of costs associated with cloud 
resource utilization: the storage cost for storing 
users' data, the interclub traffic cost for 
synchronizing data replicas across clouds, the 
redistribution cost suffered by the price 
optimization mechanism itself, and a few 
underlying maintenance cost for accommodating 
OSN dynamics. We think that each cloud can offer 
“infinite” sources when needed for an OSN 
company, an assurance frequently supplied by a 
cloud provider to the customers [5]. Whenever a 
new user joins the OSN service, the service selects 
a cloud and places this user's data there. A while 
later following this initial placement with no after 
the finish of the present billing period, the OSN 
service must maintain social locality with this user 
and her neighbors, including creating new slave 
replicas on involved clouds when needed, incurring 
maintenance cost. Observe that, for that initial data 
placement, the OSN service could use various 
prespecified ways of select a cloud, for example 
selecting the main one using the cheapest access 
latency for that user. The price reduction only 
depends upon the storage and traffic price of user 
and her neighbors, and also the locations of the 
replicas within the new and old placements. If on 
user 's master cloud we store a slave replica of her 
neighbor to keep the social locality for , and when 
doesn't have other neighbors of her very own about 
this cloud, a job-swap between user 's master and 
her slave can make this slave replica of useless, 
which replica is thus an applicant for elimination. 
For METIS, there's a wide open-source 
implementation from the authors. We use its choice 
of minimizing the interpretation communication. 
We use each user's storage cost plus her traffic cost 
because the vertex size to produce its input. We 
operate on the previous to exhibit the “ideal” cost 
reduction, presuming we all know the precise costs 
of every user for every month at the outset of each 
month. We operate on the second, where replica 
locations are adjusted based on the believed costs 
of every user, to exhibit the potency of our 
estimation approach [6]. Thus, greedy can assign 
local users towards the same nearby cloud, and 
random has a tendency to straddle local social 
relations across clouds. SPAR has less cost than 
greedy and random but greater than METIS. We 
model the price of OSN data placement, evaluate 
the OSN service quality with this vector approach, 
and address OSN data availability by making 
certain the absolute minimum quantity of replicas 
for every user. 
III. CONCLUSION 
Our results show, while always making certain the 
QoS combined with the data availability as needed 
helps to reduce much more one-time cost in 
comparison to condition-of-the-art methods, 
therefore it may also significantly lessen the 
accumulative cost. The charging for read 
operations is thus inside the scope within our 
optimization of replica placement. Compared, the 
quantity of the write operations created with a 
person on all replicas of hers and her buddies 
depends upon the quantity combined with the 
looking after your replicas. Inside the new 
placement, whenever a slave needs to be created 
across the cloud for social locality, we have seen 
whether or not this did not exist over the cloud 
inside the existing placement. If that is the issue, 
the cost of creating this slave is decided towards 
the redistribution cost endured using this role-swap. 
After we cannot remove a slave due to the data 
availability reason, this user should not be looked 
into out when calculating cost reduction in 
employment-swap that involves this user, 
combined with the slave may also be not touched 
when performing the part-swap. The graph 
partitioning problem divides a weighted graph 
inside a given quantity of partitions so that you can 
minimize either the weights of edges that straddle 
partitions or even the interpretation communication 
volume while balancing the weights of vertices in 
every partition. 
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